%5 S F ¥ M Vol. 50 No.5
2022 45 H ACTA ELECTRONICA SINICA May 2022

KT 5 DUM-Sr ) o0 A 2R S H bn ERER

MRAE,HEFE LI EAE R R, F L gk
(1. 30 K2R N TR B Be, TR KN 45004652, PEIE Tolk K2 A Shik2# b, B 1642 710129)

A E: BEEAREER R TR AL R R L e IR X FARRZAG TS BE A2, A SR T —
Tl AL 73 DU S0 64 A 3Rl FPRBRER SR . o SEAe A s S HER R, 45528 73 DU ST HLEE M) 08 b o Al =
Az VAT, 3 RS TEIIE AR R e I S B — A S P37 25 R R L SR MR 5 T R SO EA T R A 5 TR - 4377
S RV AL AR RS P 2015 S RO RIDIRAS AT B AR 4 B2 PRI, el i S a5 26 PO IR SEOBPIRAS A TR A 73 A S50 dreJe ik
P T7 2558 SR SRS S B SRR S ARG S B IE . D5 A RRW], Bk sr & B IR R GARLNE S RS e 1
AR I P S PR 255 SR, BERS AR iz gl H AR B PRASAG THRS BE ) I BAT 5 1 R N5 R

KR AU SR oM SRR s O R IR R R DT 22 G

hE SRS TP391 XHERFRIRAG: A XEHS:  0372-2112(2022)05-1058-08
F F 23R URL:http://www.ejournal.org.cn DOI:10.12263/DZXB.20210043

Distributed Fusion Target Tracking Based on Variational Bayes
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Abstract: Considering the influence of unknown time-varying process noise and random abnormal measurement
noise in the target tracking system, a new distributed fusion target tracking algorithm based on variational Bayes is pro-
posed. Firstly, on each local platform of the distributed fusion structure, inverse-Wishart distribution and the Student’ s t
distribution are chosen to model the error covariance of one-step prediction estimation and measurement likelihood in
the unscented Kalman filter framework according to variational Bayes. And then, the joint probability density function
of noise distribution parameters and state are approximately decoupled by mean field variational Bayesian theory, so
that state estimation and noise distribution parameters can be updated by fixed-point iteration. Finally, we use the covari-
ance intersection fusion strategy to fuse and correct all local state estimations. The simulation results show that the pro-
posed algorithm, in which system nonlinearity, time-varying process noise and abnormal measurement noise are compre-
hensively considered, can effectively improve state estimation accuracy of moving targets, and has better adaptivity and
robustness.
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Hofh 4 Fppis L . T L2 S B B T RE
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